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Armin Weiß Migrating Unanchored Text Tags Across PDF Versions

Abstract (English)

Researchers in the field of visualization are constantly on the lookout for innovative systems to convey
knowledge on different topics more efficiently. One such type of system being researched is interactive
exploration systems, which employ a wide set of different visualization methods to let consumers explore
a large amount of knowledge available in a domain more easily than linear reading. The data required by
those employed visualization methods can either be provided by automatic natural language processing
(NLP) methods or with manual assistance by domain experts who annotate or classify information
contained in a document or corpus. One problem that arises with manual annotations by domain experts
on documents is that documents do not necessarily stay static over their entire life cycle. Evolving
versions of the same document may change, move, or even delete text and other content that was
annotated previously. Manual verification and adjustment of the integrity of existing annotations in
a changed document is a very cumbersome task for domain experts which raises the need for a tool
that assists this process and automatizes it as much as possible. For this Master’s thesis, such a tool
was developed in order to assist with the migration of tags, annotating content with absent location
information for PDF documents. We investigate the applicability of the approach one one selected use
case of the health domain.
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Abstract (German)

Wissenschaftler im Feld der Visualisierung sind konstant auf der Suche nach innovativen Systemen, die in
der Lage sind Wissen über verschiedene Themen effizienter zu übermitteln. Systeme zur interaktiven Ex-
ploration sind eine Art solcher Systeme, welche eine Vielzahl an unterschiedlichen Visualisierungsmetho-
den einsetzen um Nutzern eine größere Menge an Wissen einer Domäne einfacher zugänglich zu machen
als durch lineares Lesen. Die zur Visualisierung notwendigen Daten können entweder durch automatische
Natural Language Processing (NLP) Methoden erfolgen oder direkt durch Domänenexperten bereit-
gestellt werden, welche die Information in einem Dokument oder Korpus klassifizieren. Ein Problem,
welches durch manuelle Annotationen von Domänenexperten entsteht ist, dass Dokumente über ihren
gesamten Lebenszyklus nicht unbedingt unverändert bleiben. Sich weiterentwickelnde Versionen des
selben Dokuments können Text verändern, verschieben oder sogar komplett entfernen, welcher in einer
vorhergehenden Version annotiert wurde. Die manuelle Verifikation der Integrität und die Anpassung von
existierenden Annotationen in einem veränderten Dokument ist eine sehr arbeitsintensive Aufgabe für
Domänenexperten. Hieraus resultiert der Bedarf für eine Applikation, welche diesen Prozess unterstützt
und so weit automatisiert wie möglich. Für diese Masterarbeit wurde ein solches Tool entwickelt um
bei der Migration von Tags, welche Text ohne Positionsinformation in PDF Dokumenten annotieren zu
migrieren. Wir untersuchen die Anwendbarkeit unserer Vorgehensweise an einem ausgewählten Use
Case aus dem Gesundheitsbereich.
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1
Introduction

In this chapter we will discuss relevant background information that is required to understand the problem
at hand in more detail and our core objectives.

1.1 Background and Motivation
Within the last years, a research team from the Institute of Visual Computing of Graz University of
Technology in collaboration with other institutions and universities has started to build an interactive
Consumer Health Information System (CHIS) within the project ‘Human-Centered Interactive Adaptive
Visual Approaches in High-Quality Health Information’ (A+CHIS[1] ; Grant No. FG 11-B) which was
funded by the Austrian Science Fund (FWF). This system is meant to enable research on the advantages
a combination of close and distant reading approaches (in the sense of Moretti[2], 2000) and potential
automatic adaptations of such visualizations has over typical linear consumption of readable Consumer
Information System (CIS) resources on a complex topic.

Figure 1.1: GUI of the A+CHIS Web Explorer - Source: [3]

Currently, the information that A+CHIS provides is based on an established CHIS in the form of a
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brochure[1] on Type 2 diabetes (T2DM) issued by the AOK[4] (a German public health insurer). The
effectiveness of having a consumer extract required information from this interactive system compared
to just reading the brochure has been evaluated to some extent by Lin et al. (2023) [5]. They showed
promising results based on a small number of participants. The system, however, did not automatically
adapt its visualizations due to any inferences of personalized customer needs at that point. Currently,
research is being done on how to add this automatic adaptability to the system. Further, Lengauer et
al. (2023) [6] elaborated on their initial prototype and defined a process landscape to infer different
cognitive states a consumer can have while interacting with the system. The inference of that cognitive
state is based on the user’s input and the context in which they are currently browsing the provided
information. Based on such inferred cognitive states the system should then be able to automatically
change its visualizations to fit consumer needs in the best possible way.

The visualization methods of A+CHIS depend on annotations in the PDF brochure made by medical
professionals using the tools MAXQDA[7] and Qualcoder[8]. Information from the PDF is extracted
using PDFBox[9] and after further preprocessing, this data is then fed into the A+CHIS application
server which is implemented as a Python Django web application. The annotations generated by the
aforementioned tools are provided separately from the document as a .csv file.

The PDF brochure however, changes over its life cycle and the current information fed into the
A+CHIS system still refers to a brochure version that was released many years ago. Text and other
assets were moved around, refactored, or even removed from the document over time. Therefore, if the
project was to stay up to date on newest brochure versions, the necessity arises for the professionals who
initially annotated the document to re-do their work every time the document changes. The purpose of
the application that was developed for this thesis is to assist this process by automatizing most of the
manual labor.

1.2 Problem Statement And Objectives
The core problem is a situation where text that is annotated, no longer exists or is no longer equal to the
text that a tag was initially anchored to. Bernheim Brush et al. (2001) [10] discusses this specific problem
and Cadiz et al. (2000) [11] coined this problem Annotation Orphaning when noting that this problem
was the main reason, their study participants quit using the (in the study) evaluated Microsoft Office
feature called Web Discussions which allowed for annotation of website content in a collaborative way.

It is not possible to obtain the sources that were used to generate the PDF file version of the CHIS
that A+CHIS is based on. Therefore, a comparison of text between the source and target documents
has to be done based on the provided PDF files. The problem outlined above is an even larger one for
this context because a PDF file mostly only represents its text content as drawing instructions and does
not store any metadata associated with its texts. As an example, a PDF file does not store that a section
header is meant to be just that, but it rather only stores that the text of a section header is larger than some
other text that is drawn beneath it. Also, it is not a trivial problem to determine which texts on one or
multiple pages belongs to each other.

The domain experts for a CIS provide a tag tree where each tag represents a topic. Such topics
can then have subtopics which are represented by other tags. These domain experts annotated different
text passages of a document with tags from this tag tree. Within this thesis, the terms annotation and
tag as well as annotating and tagging will be used interchangeably. A+CHIS uses a custom ZIP-based
file format has extensive text annotation capabilities. This .apchis file format provides the content of
a respective CIS document in a .csv file on which content this thesis primarily revolves around. Each
row within this file represents a chapter and contains a list of all taggable sentences that occur in a given
chapter as well as a list of tag-identifiers referencing one or more sentence-indices to indicate which
sentences of the chapter are tagged by what tag. Although in newer versions of the A+CHIS format,
each chapter-row also contains start page numbers, there is no other information stored that links the
enumerated sentences of a chapter to its exact location within the document. Also, the stored sentences
are sanitized and do not absolutely match the actual text in the document token by token. For example,
hyphens that occur on line breaks are not stored. Some other tokens are replaced with different ones like
bullet points. This means, in order to visualize annotated sentences within the desired tool, the missing
exact token locations of each annotated sentence have to be re-established first. This in turn also means,
that a .csv file with the same structure has to be generated for the updated version of the brochure where
additional chapters may have been added while other ones may have been moved, removed or changed.
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• Thumbnail image of the documents cover

• Extracted figures as images

• .csv file containing meta-information on the extracted figures

• .json file containing the configuration

• .pdf document of the brochure in a given version

• .json file containing a list of topics and associated terms with term-weights

• .csv file providing the content of the document as a list of chapters (See Table 1.1)

Table 1.1: This table shows the columns of the content .csv file within the .apchis file format of version 1.4.3.

Column Data Type Example
type string text:ke
chapter_number string 1.2.1
chapter_title string Kurz erklärt: Diabetes Typ 1 und 2
content list[string] [’This is a sentence’, ’This is another sentence’, ...]
annotations dictionary[string, list[int]] {’43’: [0, 1, 2, 3, 4], ’45’: [0, 1, 2, 3, 4]}
page list[int] [12]

As can be seen in Table 1.1, no concrete text locations are provided for the listed content sentences.
However, as also shown, a list of pages is provided in the most current version of the .apchis file format
which was not the case for the version that the project started with (1.4.0). None of the other file entries
present within the .apchis file provide any text location information either. This is because, at the time
the currently used .apchis file content for the system was generated, it was not known that more concrete
text locations would ever be required. One goal of this project is to have a redundancy in the form of an
additional file entry within the .apchis file format that provides this missing information in the next file
version that is upgraded to the most current document version.

To conclude, a tool to assist with the migration of tagged content of an .apchis file needs to tackle the
following main steps to achieve a useful editor:

1. Extraction of all coherent texts scattered over complex page layouts in both the source and target
document

2. Splitting the content of coherent text clusters into processable sentences

3. Inferring the exact location for all pre-known sentences of each chapter in the source document
and enrichment of the pre-existing .apchis file with these locations (Enrichment Step)

4. Establishing the chapter hierarchy of the target document from its content (Target Chapter
Inference Step)

5. Extracting all individual sentences of the target document and connecting them to the appropriate
inferred chapters

6. Automatized matching of sentences between the source and target document (Migration Step)

7. Implementation of a GUI that visualizes automatically inferred information and provides the tools
required by the user to intervene manually where necessary

In the following chapters we will first discuss related work and fundamental concepts. After that, the
implementation of our application, further refered to as A+CHIS Migrator (A+CHISM) will be described
in more detail and an overview of our architecture and pipeline of different steps will be presented.
Finally, the performance of our approach will be evaluated based on a real use case of the A+CHIS
application.

Note that this thesis contains multiple figures depicting different screenshots of the GUI views of
A+CHISM where a user can make manual corrections. All of these figures show content from the older or
newer version of the AOK-brochure [12] which will not be explicitly referenced per figure.
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2
Related Work

No recent literature focusing on the very specific problem of annotation orphaning seems to exist.
Especially in the context of PDF files. No tools were found that support smart handling or assistance to
deal with the specific issue at hand well when it comes to general purpose PDF files with complex page
layouts and the way text-content is provided for A+CHIS.

2.1 PDF Difference Detection
As discussed further in Section 3.2 tools that operate on default PDF annotations are not helpful for the
problem at hand because none of the annotations are provided as default PDF annotations. Instead they
are provided outside of the document because default PDF annotations cannot hold all the information
that would be required without customizing the documents internals.

Recently, some commercial projects like Draftable[13], DiffitDoc[14] or V7Labs Agent[15] were
established that can infer the differences between two different versions of the same PDF file even
with significant layout changes. However, all discovered commercial projects like these seem to focus
primarily on purely text-based content and not more complex page layouts like the A+CHIS project has
to work with, where text may frequently be interrupted by boxes of unrelated text blocks or images.
Naive extraction of all texts of a PDF file’s pages with layouts such as this will inevitably mix words of
clusters that do not belong to each other. Moreover, the primary purpose of those projects seems to be to
visualize the changes between two PDF file versions for inspection instead of providing these differences
in metadata formats which would enable further processing in order to solve the problem at hand.

2.2 PDF Content Extraction
There also does not seem to be any recently published literature that is directly dedicated to the annotation
orphaning problem within PDF files. Generally, research within the last decade on the topic of information
extraction from PDF files, seems to have primarily targeted scientific literature over general purpose
documents. A few recent publications however, combine a mixture of different technology pipelines to
achieve solid results for such general purpose documents. Adjetey et al. (2021) [16] showed that the
combination of Optical character recognition (OCR)-based text extraction with string distance measures
like the Levenshtein-Distance is a valid strategy to find which document of a set of documents contains
specific text snippets contained in query images. For documents used in A+CHIS, the sentences of the
source document are pre-known. It therefore stands to reason that the same approach is viable for the
problem at hand because the respective document could be split into multiple sub documents. Chen et al.
(2025) [17] showed that with a combination of OCR and text-only Large language models (LLMs), a
set of predefined variables could be extracted from documents with inconsistent layouts by extracting
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information like dates and amounts from shipping-invoices. Moreira-Filho et al. (2025) [18] compared
a text-based mode using layout detection, feeding into an LLM with an image-based approach where
PDF pages are converted into images and are then fed into multimodal LLMs. They showed that the
image-based approach significantly outperformed the text-based one on general purpose documents with
inconsistent layout when extracting pre-defined variables. Most desired information could be extracted
from toxicology safety data sheets with this image-based approach. One problem that was not explicitly
mentioned in any of this literature is the cross-page sentence continuation problem where on multiple
occasions within a document, a sentence either continues at an unpredictable location on the following
page or even skips a page in between. We reason that the mentioned image-based multimodal LLM
approach would be able to solve this problem by providing a sufficiently long window of pages from the
document to analyze to the LLM for each extraction step.

Ingemarsson and Persson (2025) [19] evaluated different techniques for parsing PDF files for further
use with LLMs on different document layouts. They come to the conclusion that multimodal LLM-based
techniques generally work best for a wide range of documents with complex layouts that contain not only
text but also tables and images as compared to rule-based approaches. Documents with many images
however, should still additionally employ OCR-based methods.

We assume, approaches using multi-modal LLMs could assist or are potentially superior in some
aspects for identifying the locations of pre-known sentences within the source document compared to
our approach. Especially on cases where a single sentence or paragraph is distributed over multiple
pages while being interrupted by other content, employing such a LLM could potentially find sentences
automatically that our approach cannot. Future work could evaluate if multi-modal LLMs are capable to
extract exact page coordinates and dimensions of text passages which is required for our A+CHISM.

2.3 Annotation orphaning
The situation in which text moves, disappears or is changed that has annotations or tags anchored to
it, is known as annotation orphaning. Bernheim Brush et al. (2001) [10] took a look at some tools
and how they deal with this problem generally (not necessarily for PDF files). The typical approaches
they found were: restriction of annotation positioning in the first place, silently discarding orphaned
annotations, and algorithmic approaches to reassign the position of an orphaned annotation. Phelps &
Wilensky (2000) [20] suggest to be redundant when storing initial annotation locations. Namely, one
should store a unique identifier of the containing structure, tree walk information (how to traverse the
document hierarchy to arrive at the location), and the direct context surrounding the annotation. A unique
identifier is not really possible when dealing with PDF documents but tree walk information is at least
roughly possible since content streams are associated with pages and one could build a pseudo-DOM
hierarchy of the content of such a page to simulate tree traversal. When it comes to the surrounding
context of a text annotation, one can take a small portion of words around the highlight and store them
as anchor information. The smaller the considered context around the annotation, the more likely it
becomes to encounter conflicts when dealing with large documents. This is also why redundant storage
of the other kinds of anchor information makes sense. In the case of PDF, this does not necessarily
only have to be text. As established earlier, most visible content that is displayed from a PDF file has
an underlying drawing operation. One could also store neighboring content stream operations to the
drawing operation of the text being annotated. Rather than storing tagging information directly inside the
.pdf file, A+CHIS instead relies on external files that carry additional required information as otherwise
customized software would be required to extract the stored information again.
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3
Fundamentals and related topics

In this section, fundamental concepts required to understand the problem and techniques used by
A+CHISM will be elaborated on. The In this chapter we will discuss relevant fundamental information
and technologies which A+CHISM employs to achieve it’s automation.

3.1 The Structure of PDF files
How a PDF document is structured from a file perspective, is standardized by ISO 32000 [21]. The
smallest building blocks that a PDF file consists of are called COS-objects which can be of different
types that resemble both primitive and complex data types of most modern programming languages. At a
very high level, the content of the document is structured into four different sections (see Figure 3.1).
Those are the header, body, cross-reference table, and trailer which occur in this exact order. While
the beginning and end of the header and body section are implicit based on their location and content,
the beginning and end of the cross-reference table and trailer are defined by their respective keywords
"xref" and "trailer". Most of the time the header only contains one comment to define the PDF version
that the file adheres to and another comment containing a sequence of high-value ASCII characters to
fool software into recognizing it as binary. The body contains the actual content of the entire document.
The content is a mix of drawing directives, textual content, binary information in the form of stream
objects (for example to represent the content of an image), annotations, and more. Content can either be
directly stated or indirectly referenced by pointing at objects that occur later in the body section with
the exception of stream objects which always have to be referenced. The cross-reference table section
provides the binary offset for all such references from the beginning of the file. The trailer section states
how many references are to be found in the cross-references table and references the documents catalog
dictionary which is also called the root of the document. This root dictionary is the entry point from
which the contents of the document can be navigated as it contains the reference to the page tree. The
page tree is either a simple array of page objects or a balanced tree with "page" dictionary objects as leaf
nodes and "pages" dictionary objects as non-leaf nodes (see Figure 3.2). Each page dictionary then states
its drawing instructions, content references, and also annotations required in order to render the page
[22].

A general understanding of how the PDF standard works, is beneficial in solving the problem of
extracting structured text from an existing document. However, in-depth knowledge is not required to
build sophisticated applications for such a task as many programming languages have access to third
party libraries like PDFBox[9] that abstract most if not all low-level manipulations that deal with COS
objects directly.
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Figure 3.1: Top-level structure of a PDF document - Source: [22]

Figure 3.2: Page Tree of a PDF document - Source: [22]
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3.2 A+CHIS Tags / Default PDF Annotations
Generally, annotations are additional types of objects that extend the document with visible content that
the basic content standard does not provide. Typically annotations overlay the already present content to
mark areas of interest and enhance their visual representation in some way. A simple annotation could be
one of the many highlighting options for a text passage or an interactive (clickable) comment indicator
that expands into a written comment that someone left. The many different kinds of annotations basically
make the PDF file a canvas where annotations can be drawn on top of it. Audio, video, 3D Objects or
even file attachments are possible to be maintained. While the basic content of a page is stored as a
stream of graphic operators on that page, annotations are not drawn by such graphic operators but they
are also stored on page level. They are stored as an array of annotations for the "Annots" key contained
in the pages page-dictionary [22].

As an example, when looking at a standard highlight annotation in a PDF file, the storage would work
as follows. The "Annots" dictionary of the page where the highlight is placed would contain a reference to
some annotation object representing this highlight. Theoretically, the object could also be stored directly
in the dictionary without being referenced but this is usually not the case. Instead, this annotation object
would be stored somewhere else in the body section of the document and would look like Listing 3.1.
As can be seen here, the annotation is not anchored to the text itself but is instead spanned up by one
or multiple bounding boxes like a drawing operation. The Rect key defines an array that provides the
bounding box for the entire highlight. In case the highlight just has a simple rectangular shape without
any rotation, this bounding box is already sufficient to define what is highlighted. In case the highlighted
text is rotated or spans over multiple lines where the highlighted text is not equally long in each line, the
QuadPoint array is required. In this array, arbitrary multiples of eight space-separated number values
can be stored which represent the corners of different bounding boxes which in combination define how
the highlight should be drawn on the page. The C key represents the color of the highlight.

In the context of this thesis it is important to emphasize that the word tag(s) and annotation(s) is used
interchangeably. In this thesis, the word annotation specifically does not refer to the annotations that
are typically meant in the context of PDF documents. In the .apchis file format the original document
that the information is based on remains untouched, meaning no additional content was added to the
document. All tags or "annotations" are provided as a separate .json file representing the tag tree as a
configuration file outside of the .apchis file while the information which sentences are tagged with what
tag is maintained on the .csv file inside the .apchis file. To contrast, in the following it will be explained
how default annotations work within the PDF standard.

Listing 3.1: Highlight annotation object in PDF Domain-specific language (DSL)

10 0 obj
<<

/Type /Annot
/Subtype /Highlight
/Rect [ 250.5 270.0 340.0 282.5 ]
/QuadPoints [ ... ] % optional
/C [ 1.0 0.5 0.0 ]

>>

3.3 Sentence Comparison by String Similarity
In order to compare two pieces of text with trivial modifications, string similarity distance functions like
the Levenshtein-Distance[23] or the Jaro-Winkler-Distance[24] can be used. The former measures the
amount of character adjustments that have to be made in order to turn one sentence into another while the
latter excels at character transpositions. While the Jaro-Winkler-Distance maps the comparison of two
sentences in a range between zero and one directly, the comparison of sentences via the Levenshtein-
Distance requires a mapping into that range such that the result can be compared against some threshold.
For A+CHISM the result is calculated by subtracting the calculated Levenshtein-Distance of both sen-
tences divided by the max sentence length from 1.0. In cases where one sentence is significantly longer
than another, a performance optimization is made by A+CHISM which returns a similarity value of 0.0
right away instead of performing the expensive distance calculation for a case where it does not seem to
make sense.
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While the implementation of A+CHISM makes use of a library implementation that abstracts the
internals of the Levenshtein-Distance, Equation (3.1) shows the algorithm as defined by Wagner and
Fisher (1974) [25]. The first and second input strings are denoted by a and b respectively while m and
n denote their lengths. The matrix D is calculated according to the provided formula where each Di, j
shows the minimum edit distance for transforming the prefix of the first string a1..i into the prefix of the
second string b1.. j. Dm+1,n+1 is therefore the final resulting Levenshtein-Distance between the first and
second input string.

Di, j =



j, if i = 0,

i, if j = 0,

min


Di−1, j +1,
Di, j−1 +1,
Di−1, j−1 +1ai ̸=b j

 , otherwise.

(3.1)

3.4 Semantic Sentence Comparison by BERT embeddings
Sentences that changed only slightly by either having few words replaced or a small amount of additional
words added are matchable with the aforementioned string similarity measures. In order to match greater
changes to a sentence, a measure on the semantic level is required. While older rudimentary statistical
approaches like Bag of words (BoW) or Term Frequency-Inverse Document Frequency (TF-IDF) can be
used to compare sentences semantically to a minor extent, they do not suffice for the task at hand. For
machine learning approaches, static word embedding models like Word2Vec by Mikolov et al. (2013) [26]
and GloVe by Pennington et al. (2014) [27] are nowadays outperformed by contextual language models
for sentence comparison tasks. In A+CHISM we use BERT by Devlin et al. (2019) [28] for semantic text
comparison. To compare two sentences, the embeddings for both sentences are calculated first. Generally
embeddings are vectors. Each word piece of a sentence is assigned a vector and all those vectors of a
sentence are then "pooled" into a single embedding (vector) that represents the sentence by different
methods. For determining the embedding of each word piece, BERT considers both, the word pieces on
the left and on the right side of it. For each word piece, it is determined how relevant each other word
piece in the sentence is for its meaning. The resulting sentence embeddings are then vectors of the same
length which can be compared to each other by some distance measure like the cosine similarity.

The model used by A+CHISM is bert-multi-cased-L-12-H-768-A-12. Dissected, this means:

• multi-cased: multiple languages are supported.

• L-12: the computations to calculate the embeddings happen on twelve layers (larger BERT models
with up to 24 layers exist).

• H-768: The embeddings have 768 dimensions.

• A-12: The number of attention heads (different ways of determining if a word piece is relevant for
another one).

Within A+CHISM we use the library easy-bert[29] which is publicly available and provides an API
where a sentence can be passed into the model and the embedding vector is returned. After embeddings
for both sentences are retrieved this way, only the cosine similarity has to be calculated, and the result
which is a number between 0 and 1 has to be compared against a threshold to determine if the sentences
are sufficiently similar semantically for the purposes of A+CHISM.
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4
System Architecture

A one step process to migrate all tags of one document version to another is not feasible as many
edge cases arise which make manual intervention and corrections necessary at a very early point in the
workflow. Due to high runtime durations of matching only the known sentences of the source document
to its locations in the corresponding document, we decided that the entire processing pipeline that leads
from the initial .apchis file to an .apchis file based on a newer document version of the brochure should
be split up into multiple steps.

The application is therefore structured into three different steps where each of them first attempts to
infer required information automatically and then provides their own GUI view for manual additions and
corrections. Each of the steps requires different input files and produces different output files. As shown
in Figure 4.1, the final step requires the output of two pre-processing steps to produce the updated .apchis
file. Both pre-processing steps require layout information about either the source or target PDF document
which is acquired by making use of a third party open source service which will be elaborated on later.

• Enrichment Step: Enriches the provided legacy .apchis filewith text location information. An
additional .json file is added as an entry into the zipped format. This file is used to store additional
location information for each chapter-sentence provided in the pre-existing annotation .csv file.
For a given chapter ID and sentence index within that chapter, a list of rectangles associated with
page numbers (in the following referred to as page-rect) which visually cover all text locations the
sentence consists of can be retrieved. These locations are required for the visualization of the final
migration step.

• Chapter Inference Step: Establishes the general chapter structure of the target document as the
chapters may differ significantly from the source document. The purpose of this step is to establish
a hierarchy of chapters and a list of text clusters associated with each of these chapters. The output
of this step is a standalone .json file which contains a list of all chapters and a list of page-rects
which are the text clusters associated with the chapter. This file is required such that sentences of
the target document can be established for the sentence matching of the final step.

• Migration Step: Automatically tries to match as many sentences that occur in the source document
as possible to sentences that occur in the target document. After the user has manually checked
and corrected all annotations via the GUI, a new .apchis filefor the new version of the brochure
can be generated.
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Figure 4.1: High-Level Architecture of the application

4.1 Document Layout Detection Step
When using the default implementation of PDFBox to extract all text content from a page, the algorithm
assumes all text to follow a strict top to bottom layouting within the page. Many general purpose
documents however, contain instances of small side-information text clusters that may be spread over
random locations on pages. An example is shown in Figure 4.2 which leads to multiple problems on
whole page text extraction via PDFBox. First, the text in green would be unpredictably mixed with the
main text in black on the left. Second, the cluster does not complete the sentence but it continues on one
of the clusters on the next page which most of the time is not the first occurring cluster on that page. In
this example, in the worst case the page numeration text "9" could be added directly after the hyphen
which could possibly break sentence extraction or add additional noise that hinders sentence matching
with the other document. Therefore, even if one were able to assume that the first occurring cluster (top
to bottom, left to right) continues the sentence, the result would still be error prone. On some general
purpose documents it may even happen that multiple grouped clusters interrupt the current content with
entirely different topics. Examples like shown in Figure 4.3 where unfinished sentences are interrupted
by other chapters or pictures on either the same or the next page before they continue in a text cluster are
not uncommon.

Initial attempts to extract coherent text only by grouping text that is either colored consistently or
has the same font size did not yield satisfactory results as there were too many exceptions to handle
manually. Generally, the text colors and font sizes are not consistent enough to determine which clusters
are side information or even which clusters represent section headers of chapters. Initial versions of the
application extracted text clusters successfully by using the open source OCR-tool Tesseract[30] and later
via distance thresholds but both these approaches were discarded as cluster classification (section-header,
listing, normal text etc.) proved to be necessary for the chapter inference step. Therefore, it was decided
to use a third party open source PDF layout detection tool[31] to provide input for both the Enrichment
step as well as the Chapter Inference step. This tool is provided as a docker container and takes a PDF
file as input. It is able to provide both, clusters and the type of text covered by the cluster with sufficient
accuracy in JSON format which can be used for further processing. In the background it uses the VGT
(Visual Grid Transformer) by Da et al. (2023) [32] which compared to previous document layout analysis
models combines both the visual analysis of a page with semantic text analysis.
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Figure 4.2: Unrelated text clusters next to each other - Source: [12]

Figure 4.3: Interrupted unfinished sentence from top to bottom - Source: [12]
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4.2 Enrichment Step
The Enrichment step is required to provide the initially absent text locations of known chapter sentences
for the source .apchis file. This step takes as input both the initial .apchis fileas well as a .json filecontain-
ing the inferred clusters and their type generated by the tool mentioned previously for the source PDF
document. In order to match sentences to text in the provided clusters, first it has to be determined in
which page range the clusters for each chapters lie. While newer versions of the A+CHIS format contain
start page numbers for each chapter, the application uses text stripping on individual pages and then
attempts to find the first and last 3 sentences within the chapter which is a cheap operation performance
wise. If at least one of those sentences is found for each the first and last ones, then the preliminary
start and end page number has been determined. The approach for automatic inference of text locations
for the known sentences within the provided clusters of a cluster happens based on a priority system
as shown in Figure 4.4 for performance reasons. In each of the approaches outlined, a match is first
attempted via Levenshtein-Distance. Only if the calculated Levenshtein-Distance of a potential match is
high enough but not quite sufficient, the BERT embeddings are calculated and the cosine-similarity is
compared against a threshold for a semantic match.

Figure 4.4: Flow for automatic location inference during Enrichment step

After the automatic location inference process has concluded, the user can review the findings and
make manual adjustments. The user is presented with an Enrichment view in the GUI which can be
seen in Figure 4.5. When clicking any sentence with any known text locations in the content browser
on the left of the view, the shown .pdf file will scroll to this position such that the user can view the
inference and make their adjustments if necessary, without searching. Textlocations can both, be added
and removed via selection marquee as shown in Figure 4.6. Once the user is done with their adjustments,
the user can finish by saving an .apchis file that contains everything the input .apchis file contained as
well as the already mentioned .json file named text_locations.json which contains the just determined
text locations. The user can re-open an .apchis file that already contains such a file and the automatic
inference step will be completely skipped. This allows for later edits in case mistakes are discovered.
Once a document has been migrated to a newer version, all subsequent versions of the .apchis file should
always contain this file. Therefore, an enrichment step is theoretically only required to be done once
during the entire life cycle of a document used in A+CHIS.
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Figure 4.5: Highlighted inferred sentence locations in Enrichment view

Figure 4.6: Adding missing text locations to sentence in Enrichment View via selection
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4.3 Chapter Inference Step
The Chapter Inference step is required to establish the chapter structure of the target document. It also
associates all text clusters that occur within the document to a chapter and provides the user the ability to
manually connect clusters that belong together. An overview of the processing flow of this step can be
seen in Figure 4.7. The automatic inference of the chapter hierarchy tries to first find all section headers
within the provided text clusters. It then sorts them according to position from top to bottom and then
establishes which font sizes are likely to be representing different sub chapter levels. Beneath a section
header, as long as other section headers occur that have smaller font sizes, additional sub chapter levels
are created within the current chapter hierarchy. Whenever a large font size occurs for a following section
header, it is determined by font size which other chapter this new chapter will be a sibling off. The
provided clusters from the third party service are not completely accurate. While most inferred clusters
are typed correctly, many adjustments still have to be made to ensure correctness of both the chapter
hierarchy and clusters.

The pre-provided text clusters by the third party layout detection tool have to be pre-filtered to not
have negative dimensions or be located outside of the visible space of a page in order to be considered.
Not doing so lead to corrupt clusters which break the graphical user interface which would draw clusters
over entire pages in the PDF viewer that were not interactible.

Figure 4.7: Process flow of Chapter Inference step

For manual corrections the user has multiple tools at their disposal as shown in Figure 4.8. Inside the
content browser on the left side, the user is presented with the current presumed hierarchy of the target
document. A click on each of the chapters will scroll the PDF view to the position of the section header
that is associated with the clicked chapter. Inside the PDF viewer, all content clusters are highlighted in
different colors according to their type. Most content clusters are either considered pure text (green) or
listings items (yellow). Visualized text clusters that do not belong to the currently selected chapter are
displayed with a stronger alpha channel. The type of each cluster can be changed by clicking on it as a
modal will open prompting the user to select the correct type. The user has the ability to both create new
clusters by selection marquee and delete existing ones. Whenever a text cluster is changed into a section
header or a new text cluster is created as a section header, a new chapter will be inserted at that position.
Vice versa, deleting a section header or changing its type will cause the corresponding chapter to be
removed from the hierarchy. There are buttons to both promote and demote the currently selected chapter
within the hierarchy. A chapter can only be demoted if it has a direct sibling that occurs before it. It will
then become a sub chapter of that sibling. Promoting a chapter will cause it to become a sibling of its
current parent chapter. Additionally within its current hierarchy level, the selected chapter can be moved
up and down to change its position in respect to its siblings. As shown in Figure 4.9 content text clusters
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that belong to each other have to be linked manually by the user. A link chain between clusters can be
arbitrary long and is visualized via red arrows in the PDF viewer. These links ensure that sentences can
be extracted efficiently and correctly when they span over multiple clusters. Once the user is done with
their manual adjustments the save button can be used to zip the hierarchy and cluster information as well
as the target document into an .apcc file that can be used as an input for the final Migration step. As the
.apchis file of the source document is not an input for this step, we need this separate file type to store
the results of this step. An existing .apcc file can be re-opened for Chapter Inference to make further
corrections if mistakes are discovered later.

Figure 4.8: Chapter-Inference-View
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Figure 4.9: Linking two content clusters

4.4 Migration Step
The migration step takes the output files of both previous steps as input. This step attempts to find
as many sentences that occurred in the source .apchis filein the target document automatically. First
the inference process tries to strip all non-alphabetic characters from compared sentences and then
attempts an absolute match between the candidates. For sentences that cannot be matched absolutely,
a match via Levenshtein-Distance is attempted with all non-alphabetic characters still stripped from
both candidates. For all remaining unmatched sentences, a match via cosine-similarity of the BERT
embeddings is attempted for candidates that have a sufficient Leventhstein-Distance match. All remaining
unmatched sentences are assumed to require manual intervention to find or discard.

As the processing steps outlined above are brute force comparisons, some performance optimizations
were made to shorten the time the user has to wait. Generally, the computations and comparisons in this
step are heavily parallelizable as they only loosely depend on each other. Therefore, the entire inference
logic for this step is abstracted into a processing unit which holds multiple key-value maps in memory
that are able to handle concurrent accesses from different threads. As the very first comparison level is a
complete character matching as mentioned above, this disqualifies sentence candidates with multiple
occurrences in the same document as those are theoretically possible for short sentences. Therefore,
a set of such sentences is precomputed for both the source and the target document contexts. As the
computation of these sets already requires the filtered alphabetic characters only of each sentence,
these translations can be stored in maps as they will be required in the first comparison step as well.
Additionally, a quick mapping from sentences to their respective chapters is constructed which is used by
the processing levels. The absolute character matching level establishes a mapping between chapters
of the source document and chapters of the target document as soon as a single match is found. All
subsequent levels like matching by Levenshtein-distance or BERT embeddings require such a source to
target chapter mapping to be present or otherwise the contents of these chapter have to be skipped as the
amount of possible comparisons would lead to a very long execution time.

After automatic inference, the user is presented with a side to side comparison view as shown in
Figure 4.10 where both the source and target PDF document can be compared against each other. The
browser on the bottom shows all matched, incomplete and unmatched annotations. A click on one of
these sentences in the browser will scroll both shown PDF Viewers to the location of the match which
is then highlighted on both sides. The edit mode in this view allows for both the adding and removing
of sentences from the annotation matching. When in add-sentence mode, each sentence that is not
yet added to any annotation within the same chapter as the sentences that are already added, will be
highlighted when hovered and can be clicked to add it. In Figure 4.11 the missing sentence is highlighted
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for addition on hover. Vice-versa, when in remove mode, sentences that are already part of the annotation
are highlighted when hovered and a click removes them from the annotation. The tag of the annotation
can be adjusted as well with a built in search by name and id.

Figure 4.10: Migration View showing an incompletely matched sentence

Figure 4.11: Auto highlighting the hovered un-added sentence
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5
Implementation

Many different technologies are combined to develop A+CHISM. Table 5.1 shows an overview of the
most important technologies used. Generally the application code is divided into a back-end and front-end
project where the former is a Java Spring project and the latter is an Electron desktop application written
in React and Typescript. The decision to use Java in combination with the Spring framework for the
back-end was made based on the following benefits:

• Simple to implement multithreading capabilities,

• Popular PDF manipulation and extraction library: PDFBox[9],

• The author’s familiarity of working with these technologies.

The decision to pick React as the front-end technology was mainly made for the flexibility benefits
a modern web-stack provides for GUI development in combination with pdf.js[33] while still having
access to the local file system due to being wrapped in an Electron window. The communication between
the back-end and front-end applications happens via websockets which is sufficiently performant for
A+CHISM to pass the content of the entire PDF documents without noticeable delay. Communication via
shared memory, while in theory arguably the fastest way of communication between both processes is
difficult to implement in an electron project as native APIs are nonexistent while named pipes would
require a platform dependent implementation.
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Technology Usage
Java & Spring Framework[34] The back-end application stack. Communicates via websocket

messages with the GUI, reads and splits the input files, pro-
cesses automatic inference logic and writes the output files.

React[35] & Electron[36] The front-end application stack (GUI). A desktop application
built with a web based framework that communicates with
the back-end via websocket messages. The content of a web
browser can be displayed inside a sand-boxed environment
with limited system access that can communicate with the more
privileged part of the application via narrow defined APIs.

Gradle[37] The overarching build tool for the entire project. Primarily
manages dependencies of the back-end stack, but also partially
generates front-end interfaces of messages defined by back-end
code and indirectly invokes build instructions for the front-end
code base.

Apache PDFBox[9] Library for processing and modifying PDF documents. Pri-
marily used by A+CHISM to extract all text tokens within
pre-defined rectangular areas and aggregating document char-
acteristics like common font sizes.

Mozilla PDF.js[33] front-end library for parsing and rendering PDF content into
the GUI. Primarily used by A+CHISM to render the document
pages content onto canvases and to determine the position of
individual text tokens for marquee hover highlighting.

Apache Commons Text[38] Library providing implementations for string based algorithms.
Used by A+CHISM for its Levenshtein-Distance implementa-
tion.

Apache OpenNLP Sentence De-
tector Model[39] & OpenNLP-
Tools[40]

Model and API to split a provided text chunk into individual
sentences.

Model: Multi cased BERT
model[41] & easy-bert[29]

The used BERT model and the library to interact with it from
within the back-end Java code base. The provided API takes a
sentence as input and provides the embedding vector as output.

Table 5.1: Main technologies & libraries used

5.1 Visualization Principles
All GUI views the user can interact with in A+CHISM follow the same principle. The majority of the
screen space is occupied by a PDF viewer in which the actual PDF document being edited is rendered.
On a smaller fraction of the screen space the user is presented with a content browser by which they can
quickly navigate through content that is relevant for the current task they are performing. Interaction
with this browser, scrolls the interacted with content into view on the PDF viewer to enable efficient edits
of content that could not be inferred automatically.

The content shown in each view’s browser, uses a color scheme which is consistent within A+CHISM.
Green colors indicate a successful automatic inference of something or a done manual edit while an
orange color indicates a partial automatic match that has not been corrected manually yet. Red color
indicates something where not even parts of it could be inferred automatically and blue color indicates
that something is currently being edited.

Two of the three views enable the user to add or remove content inside the document they are editing
by selection marquee. This is inspired by the PAWLS[42] tool which is shown in Figure 5.1. In PAWLS a
selection marquee makes words that are either covered or partially overlapped by the marquee rectangle,
snap visually. In the case of A+CHISM, a selection rectangle visualizes individual characters of which
the PDF based bounding box is overlapped by the selection rectangle. This is only a visual indication
however, to signal to the user that the selection actually affects the text within the PDF viewer. When the
user does draw a selection marquee over text, it is not the GUI that filters the characters that are covered
by the rectangle. Instead, when a selection is confirmed by the user by releasing their mouse button, this
information is sent to the back-end of A+CHISM and based on the current editing context, the back-end
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extracts all characters within that area from the document via PDF box and performs an action with them.

Figure 5.1: Token snapping in PAWLS marquee selection - Source: [42]

5.2 PDF Viewer Implementation Design
The most popular open source option for displaying PDF content in a web technology based application
is pdf.js [33] which is distributed as both a bare-bones library to render PDF content onto canvases or
as a ready to customize viewer that is also used by the Firefox web browser. Although there also exist
some other commercial and freemium options, most free/open-source wrappers for different front-end
frameworks like react-pdf[43] use pdf.js under the hood. We decided to integrate the bare-bones pdf.js
library into A+CHISM instead of using the prebuilt viewer as the heavy customizations that were required
for this project were considered harder to do otherwise.

The PDF content of each individual page is rendered onto a HTML canvas element. The implemented
PDF viewer, therefore is a container element that stacks many canvas elements vertically with fixed
distance offsets. Each of these canvases only renders its PDF page content when it comes into the users
view, which is necessary for performance of A+CHISM for large documents like the brochure. For
all the different GUI views of their respective step (Enrichment Step, Chapter Inference Step and
Migration Step) there exist different tools inside the viewer for manual interactions that require custom
visualizations. Those custom visualizations are achieved by having multiple layers of transparent canvas
elements stacked directly on top of each other for every page. This is necessary because a single canvas
does not have multiple layers on which different things can be drawn and cleared without affecting
other content. Meaning, if a single canvas were to render both the PDF content of a page as well as
text highlights for an annotation, clearing that highlight would require the entire PDF content to be
re-rendered. This would pose a performance challenge and is also not trivial to implement. For each
of the different views A+CHISM provides, the PDF page container always provides the same order of
hierarchy for its layers. The first layer, as described above merely renders the PDF content of a page.
The second layer draws all text highlights on a page where an individual highlights consists of a list of
rectangles and color in which the highlight is to be shown with a fixed alpha channel. Each provided
highlight can also provide custom handlers for hovering and un-hovering the highlight and for user mouse
clicks. The highest layer is called the Selection layer and provides the visualization of the marquee
selection rectangle that the user can draw over a canvas by clicking and dragging over the content of a
page. The visualized rectangle is a rectangle with alpha channel and a border without an alpha channel.

The chapter-inference view requires visualizations to indicate links between different pages which
will be elaborated on later. These visualizations are achieved by another invisible canvas that spans over
the container that contains all of the vertically stacked canvases. In addition, there is also a separate
tooltip layer that spans over the entire content of A+CHISM’s GUI which enables the display of tooltips
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with interactive content for when a user performs manual actions like for example hovering or clicking
highlights in a view. An example for such a tooltip can be seen in Figure 5.2.

Figure 5.2: Tooltip shown for a highlight clicked by the user in the Chapter-Inference view

5.3 Application Messaging
As mentioned before, the front-end and back-end parts of A+CHISM communicate with each other via
websockets. In order for the Spring framework to map websocket messages correctly, the connection
needs to upgrade to the STOMP protocol. The stomp protocol turns the websocket connection which is
only a bi-directional pipe into a protocol following a publish subscribe pattern with acknowledgements
that messages were received.

5.4 Text-Token Information Extraction by Area
Apache PDFBox[9] provides an API by which text from a page or given rectangular area within a page
can be extracted. These APIs are called PDFTextStripper and PDFTextStripperByArea respectively.
However, by default this API only provides the extracted text in plain text as output and not as a list
of individual tokens and more detailed information like their exact position, font and coloring. As the
API does use a TextPosition object representation for its processing in the background, both APIs
were customized to gather and expose these lists of filtered TextPosition objects for further use in
A+CHISM. While the necessary modifications necessary to extract the TextPosition objects themselves
were straight-forward, the extraction of text color required internal customized implementations of how
PDFBox reacts to the PDF content stream operators SetNonStrokingColorN(scn), Save(q) and
Restore(Q). This was required to store the current stroking color state and assign it to all text positions
extracted within the time until another stroking state was pushed or a previous one was restored.
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6
Use Case Example

In this chapter we will discuss how well A+CHISM performs on the actual use case of the brochure on
T2DM by the AOK [12] which is the primary CHIS currently being tested with the A+CHIS project.

Both the source and target document of the brochure contain so called "Kurz-Erklärt" - Chapters (KE-
Chapters). These are mini-chapters which are essentially just boxes with a headline and some additional
information inside. Examples like shown in Figure 4.3 where unfinished sentences are interrupted by
KE-Chapters or pictures on either the same or the next page before they continue in a text cluster are
common within all versions of the brochure.

6.1 Results
The runtime durations of the automatic inference processes for the different outlined application steps
are very dependent on the hardware on which the application is tested as well as the amount of pages
for the CHIS being migrated. All mentioned runtime performance measurements are based on a state-
of-the-art consumer hardware. All results and measured computation durations refer to the T2DM
brochure by the AOK [12] using the hardware specified in Table 6.1. It should be noticed however, that
the performance especially scales with CPU performance and amount of possible simultaneous thread
executions. Additional RAM allows to allocate more independent models for sentence extraction and
calculating BERT embeddings that can be simultaneously used by different threads which also speeds up
the process to some extend. All duration measurements of manual work refer to us using A+CHISM.

Table 6.1: This table shows some performance relevant system specifics for the system A+CHISM was tested on.

Component Type used
CPU AMD Ryzen 9900X
RAM 64GB @6000MHz
OS Ubuntu 24.04 LTE

The thresholds used to determine whether or not two compared pieces of content or sentences match
also heavily influences the runtime duration of automatic inference tasks. Lower thresholds lead to
quicker run-times but more false or incomplete positives.

Additionally, a cognitive walkthrough of A+CHISM was performed together with stakeholders of the
A+CHIS project. Our application was well received.
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6.1.1 Results - Enrichment step
The enrichment step’s primary purpose is to prepare the source .apchis file for usage in the migration
view. Therefore, an exact match is not mandatory as long as the visualization of the matched content is
sufficient to make a comparison with the target document possible in the view. The parameters shown
in Table 6.2 were chosen to perform the automatic text location inference on the source document. We
deemed them to strike a good balance between runtime duration and correctness for this step. Table 6.3
shows the results achieved with those parameters.

Table 6.2: This table shows the configuration parameters used and the runtime achieved.

Configuration Value
Levenshtein match threshold 0.95
BERT match threshold 0.85
Bert fallback tolerance 0.10
Runtime 19.91 s

Table 6.3: This table shows the achieved results with the parameters outlined above.

Property Number
Total sentences to match 1158
Sentences matched total 1122
Perfect sentence matches 1062
Imperfect sentence matches 60
Sentences unmatched total 36
Sentences matched by BERT 22
False positive matches 0

A perfect match in this context means that a sentence has an exact character match with the compared
one, given that all white spaces and hyphens were stripped from both. Given the high required thresholds
to achieve a match in this test, the imperfect matches can still be considered sufficient to visualize those
matches on the source document during the migration step. The amount of imperfect matches listed
aggregates all matches that are not perfect matches. Manual correction of the imperfect matches and
unmatched sentences within A+CHISM in this test scenario took us fifteen minutes.

The imperfect matches in this test were caused by the following reasons:

IM1 When a specific page is referenced in the source brochure document, the pre-stored sentences were
manually adjusted to reference the chapter instead with different syntax.

IM2 Characters representing bullet points in the brochure source document were manually replaced
with the character sequence "[-]" in the pre-stored sentences.

IM3 The pre-stored sentences end with punctuation but there is no punctuation in the real document.

IM4 The wording of pre-stored sentences differ from the source document.

IM5 The first or last few characters of the sentence are located in another cluster but the partial text
matches sufficiently to surpass the configured thresholds.

IM6 The pre-stored content is not an actual sentence and the sentence matching logic from the application
differs.
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Table 6.4: Examples for imperfect matches

Example

IM
1

changed page reference

IM
2

changed bullet points

IM
3

non-existing dot at end

IM
4

different wording

IM
5

cut-off sentence start

IM
6

cut-off sentence start
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Unmatched content could not be matched because of the following reasons:

UM1 All the reasons that also lead to imperfect matches but to a severity where configured matching
thresholds cannot be met.

UM2 There is more than one entire page between two clusters that a sentence belongs to. This will
not be matched as the inference algorithm only considers the following page to search for a pair
cluster.

UM3 The pre-stored content violates the rule that stored contents are extracted sentences and instead
parts of multiple sentences are referenced as one piece.

UM4 The pre-stored sentence does not reflect the entirety of the sentence as the sentence model used by
the application would extract it.

UM5 The clusters detected by the employed third party tool do not line up sufficiently with the content
that contains the sentence.

Table 6.6: Examples for unmatched content

Example

U
M

3

pre-stored content is not a sentence

U
M

4

pre-stored sentence is only contained in detected sentence

U
M

5

detected clusters have incorrect boundaries

– 29 –



Armin Weiß Migrating Unanchored Text Tags Across PDF Versions

No document specific adaptations were made to A+CHISM to deal with these problems for the sake
of keeping the solution general. Given that this test attempt yielded a result that made manual corrections
possible in a reasonable amount of time it did not seem beneficial to sacrifice compatibility with possible
future versions of the same document for a few additional minutes gained by matching the remaining
content of the initial document correctly.

6.1.2 Results - Chapter Inference Step
The majority of all chapters and clusters could successfully be inferred by using the target document and
clusters produced by the externally used layout detection service. Compared to the enrichment step, this
step did not require any significant processing time exceeding a few seconds. As the provided clusters
do contain some mistakes however, there were some corrections that had to be made. The linking of
connected content clusters had to be done manually as it is not part of the automatic inference process.
Both, fixing the automatically inferred mistakes as well as linking connected clusters took around one
hour of focused work for us to fix within A+CHISM. The following kind of mistakes were discovered
during manual correction:

CIP1 Text not being captured at all by clusters.

CIP2 Non-detected section headers that are covered by normal text clusters.

CIP3 Detected ghost clusters which capture invisible, irrelevant text.

CIP4 Singular clusters spanning over entire tables, covering content that is not fit for extracting sentences.

CIP5 Some chapters are structured like KE-Chapters but they do not have the common "Kurz Erklärt"
prefix and therefore cannot be recognized as such.

CIP6 There are a total of twelve chapters in the target document that interrupt the content of other
chapters which do not contain much text but often contain a large figure. These chapters are
visually indicated by a slightly blue colored background. This causes clusters that occur after these
in-between chapters to be assigned to those chapters instead of to the interrupted ones. Two of
these chapters break the usual chapter hierarchy completely as they split the content of a page by
left and right. There are another seven such in-between chapters with a green background that
give some side information but contain no figures. As there is no common pattern by which to
distinguish such chapters (like with the KE-Chapters) easily that is consistent between different
document versions, manual corrections are required.

CIP7 Similar to chapters containing mostly large figures, there are seven in-between chapters, giving
information about a specific side topic without a section header with common prefix, which need
to be handled manually.

CIP8 Some sentences with bold fonts are interpreted as section headers even though they are just normal
texts belonging to a chapter.
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Table 6.8: Examples for mistakes in chapter inference

Example

C
IP

3

invisible content is captured

C
IP

4

large text cluster covering an entire table

C
IP

6

in-between chapter

C
IP

6

chapter on the side
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6.1.3 Results - Migration Step
For testing the migration step, the outputs of the test runs for both previous steps were taken as input.
After automatic migration inference, an individual chapter annotation consisting of one or more sentences
was considered complete if the amount of matched sentences was equal to the amount of source sentences.
If some but not all sentences of an annotation were matched, the annotation was considered incomplete
and if no sentence at all could be matched, the annotation was considered unmatched. The automatic
migration was performed with configuration settings shown in Table 6.10 and yielded the results shown
in Table 6.11. A manual correction of all annotations was performed by us within fifteen minutes using
the GUI provided by A+CHISM.

Table 6.10: This table shows the configuration parameters used and the runtime achieved

Configuration Value
Levenshtein match threshold 0.75
BERT match threshold 0.98
Levenshtein threshold for Bert fallback 0.30
Runtime 19.24 s

Table 6.11: This table shows the results achieved during automatic content matching of the Migration Step.

Total source chapters 141
Total target chapters 149
Total source sentences 1158
Total target sentences 1731
Total annotated source sentences 1122
Total sentences of completely matched 806
Total sentences of incompletely matched 217
Total sentences matched 1023
Total sentences unmatched for incomplete match 54
Total sentences unmatched for completely unmatched 45
Total sentences unmatched 99
Total chapter annotations matched 187
Total chapter annotations incompletely matched 37
Total chapter annotations unmatched 19

The following different cases of unmatched content were observed:

MP1 All content of the annotation is too different from the original and nothing could be matched.

MP2 All content could be matched but a single sentence in between was not meeting required thresholds.

• While a matching for such in-between sentences would be trivial based on the surrounding
matching context, the decision was made to make the user deal with all unmatched cases
manually.

MP3 The original content violates the rule of being only based on full sentences but instead spreads its
content over individually spread text pieces.

MP4 Sentence quite similar semantically but not sufficiently equal for a BERT match.

MP5 The text content is very similar but no match could be achieved because the target version contains
abbreviations for multiple words instead of spelling them out.

MP6 The content was matched correctly but the source is split into more pseudo-sentences.

MP7 The text considered to be one sentence in the source is only a part of a bigger text unit considered
to be one sentence in the target document.
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• Such cases have to be fixed manually in the resulting .apchis file. A reassignment of correct
text locations can be achieved by using the new document as input for the enrichment step.
As text locations are already present, no automatic inference will take place and the user can
modify text locations manually.

MP8 One entire paragraph describing a drug within the source document was located in the same chapter
with other similar paragraphs while in the target chapter this paragraph was located in an isolated
position outside of the chapter.

• Such cases unfortunately have to be solved by removing the chapter of the target document
with its parent or sibling in the target chapter-inference view and restarting the migration
based on those changes.

MP9 Content being entirely gone in the target chapter or additional content added in between.

Also, it was noted that the correctness assumption that each sentence is only annotated once was
violated several times. There was one instance were a single sentence in the source document was
annotated with six different tags.
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Table 6.12: Examples for unmatched content

Example
M

P1
all annotation content differs too much from the original

M
P2

sentence in between other content does not meet threshold

M
P3

rule violation of only full sentences being tagged

M
P4

semantically similar content but BERT embedding similarity not sufficient

M
P5

abbreviations in almost identical text

M
P6

source content split into more or less sentence units

M
P7

source sentence is subset of larger text structure considered a sentence in target
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6.2 Limitations & Future Work
While we attempted to keep the implementation of A+CHISM as generalizable as possible, it still contains
some tweaks that optimize it for the tested AOK brochure. It remains yet to be evaluated how A+CHISM

performs for other general purpose documents. Especially the Chapter Inference Step implementation
has some optimizations for the KE-Chapters. In-between chapters like these will not be attached correctly
to the chapter hierarchy by default for other kinds of documents as the application depends on the "Kurz
Erklärt" prefix in the chapter title to make the distinction to other content. At the moment all required
input and output files of A+CHISM are expected to be used in the context of A+CHIS. We reason that
the implementation of a more generalized tool is possible for arbitrary PDF documents, given a more
generalized input format of tagged content. The implementation of a standalone application with the
capabilities of the Migration Step for arbitrary PDF documents would be possible if the text locations the
text content are provided in an uniform way. Another open question is, how our approach compares to
the recently published LLM-based approaches mentioned in Chapter 2. Additionally, linear regression in
combination with LLM could be used to determine the ideal threshold parameter values for our employed
string comparison techniques for each of the three steps.
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7
Conclusion

We describe the implementation of a tool to migrate annotations of unanchored text content within a PDF
document to a newer version of that same document. We show that a majority of the required work can
be automatized by a combination of algorithmic and machine learning-based approaches. We do this by
splitting the task at hand into three distinct sub-tasks, with both an automatic process and an interface
where a user may perform manual corrections. We demonstrate the effectiveness of the tool on a use
case document with 132 pages (source) and 124 pages (target), respectively which could be migrated
within approximately 90 minutes of manual work. The main limitation is that the automatic detection of
associated text clusters is not reliable and has to be complemented by manual linking.
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